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Abstract: This study explores the transformative potential of integrating Big Data analytics 

and machine learning techniques in redefining market intelligence within the context of the 

Indian stock market. Leveraging the vast volume and variety of financial data available, the 

research aims to provide a comprehensive analysis of market dynamics, with a particular 

focus on accurate predictions and enhanced decision-making capabilities for investors. The 

application of machine learning algorithms seeks to uncover intricate patterns, trends, and 

anomalies within the financial data landscape, thereby offering unprecedented insights into 

market behavior. The study envisions a future where advanced analytics not only 

revolutionize stock market analysis but also contribute to regulatory compliance and 

monitoring processes. However, this transformative journey is not without its challenges. 

Concerns related to data privacy, potential biases in machine learning models, and the 

dynamic nature of financial markets need careful consideration. Furthermore, the reliance 

on historical data for predictions may present limitations, particularly in volatile market 

conditions. By addressing these challenges and striking a delicate balance between 

embracing technological advancements and mitigating associated risks, the study 

anticipates the potential for a paradigm shift in Indian stock market analysis, where market 

intelligence is redefined through the synergy of Big Data analytics and machine learning 

methodologies. 

Keywords: Stock market, Machine learning, Neural Networks and Regression. 

1. Introduction 

A collection of data that is enormous in volume and continues to 

increase exponentially is referred to as big data. This is not the 

kind of data that can be safely kept in common tools and 

equipment. To put it simply, it is described as incredibly huge data 

sets. There is a lot of data there, which can be organized or 

unstructured, and it is important to remember that any system or 

organization is adding to it every day. Gartner defines "Big Data" 

as an information asset with large volume, high velocity, and 

variety that requires creative, economical information processing 

methods to improve insights and decision-making. The term 

explains "big data" in a way that makes sense to us. Big data is a 

complicated data form that has tremendous variety and contains a 

vast data set to which we need to perform specific operations that 

assist us to gain the useful information for the benefit of our 

business and organization (Bauer, 2023). Although both 

technologies are used to analyze data that aids businesses in 

making decisions, there are some distinctions between them. Both 

technologies operate differently and offer various approaches to 

data analysis (Singh & Turała, 2022).  Big data approaches were 

first developed on the idea of centralizing all company data on a 

single server. Typically, this data is analyzed offline after being 

stored in a facility known as a data warehouse. The table's structure 

in a traditional relational database that includes a collection of 

indexes and access methods. The primary differences between big 

data and business intelligence include. Information in a large data 

environment is stored in a distributor file system, which is a far 

safer and more pliant space than a central survey (C. Liu, 2022). 

Because big data solutions center on information, handling vast 

volumes of data more nimbly becomes easy. Alternatively, big data 

solutions carry the processing functions to the data, or the data to 

the functions. Big data can analyze data in a variety of formats, 

including unstructured and saturated data. The volume of 

unstructured data is expanding at levels far higher than structured 

data even though its examination has various provocations 

(Muzzamil, 2021). Big data solutions address them by enabling a 

worldwide examination of diverse information sources. Big data 

solutions enable businesses to make decisions that will impact their 

business in an elegant and well-structured manner, regardless of 

whether the data they operate with is literal or comes from real-

time sources. The idea of parallel mass processing, which is used 

in big data technologies, accelerates analysis. With MPP, a large 

number of instructions are carried out concurrently, and because 

the different duties are split up into parallel execution segments at 

the conclusion, the outcomes are merged and distributed. This 

enables us to quickly review vast volumes of data (Li & Yao, 

2021).  

https://isarpublisher.com/journal/isarjebm
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1.1 STOCK PREDICTABILITY  

It was mentioned earlier that there are some papers that have 

shown it is not possible to predict the trend of a share in the future 

timeline. As we know that Random walk theory has become talk of 

the town when it comes to stock market. This theory simply 

suggests that there are so many factors that influence the price of a 

stock that is why it is difficult to predict the future of any stock or 

to get the trend in the market. Burton Malkiel (1973) was the first 

to introduce this theory in the market. If at the same time we look 

towards other work there are plenty of papers that have shown that 

the past data and history can easily be used to predict the future of 

a stock in the market(Straub & Huber, 2013). However it is wrong 

to say that exact pattern can be attained but close to the real 

estimate can be done through various factors. Technical traders 

have a very important influence on the flow of the market in every 

day market. When it comes to the large financial companies they 

use automated algorithms to make high - frequency trading to earn 

money(Blohm et al., 2022). This can easily be argued that if we 

want to be successful in the market we must be accurate in terms of 

algorithm. We are well aware that in the era of digitization stock 

markets have become stones of the economy(Rehman, Dhiman, 

Cheema, et al., 2023). There are enough evidences on both the 

sides that Support and work against the prediction of the stock 

market, but with emerging modern tools and techniques in the 

recent years one can easily say that with the help of permutation 

and combination trends can easily be expressed and discovered. 

One thing is clear that there is a plenty of interest and belied in 

stock market predictions. 

2. LITERATURE REVIEW 
This chapter includes the studies of allied calendar anomalies in the 

stock market, and the main objective to conduct the extensive 

survey is to get more information related to different kinds of 

calendar anomalies variants and their reasons.  By conducting 

extensive surveys, it helps in creating the theoretical foundation of 

the study, helps in selecting best methodologies, and objectives, 

and also helps in finding research gaps. The chapter has been 

divided into eight sections. These analyses also focused on 

different calendar anomalies around the world, their reasons and its 

relationship with behavior of stakeholders. 

While employing a varied phenomenal concepts the research of the 

grounded theory approach in which data regarding various 

prediction model was utilized to comprehend ( Glaser and 

Strauss,2006).The data trust generally Commission (Ridder and 

Simon,2016) was written for a big Data and Society Special sort of 

a portion concerning critical data Studies (CDS)(Rehman & 

Dhiman, 2022).The information that is pulled from multiple portals 

concerning a stock's crucial state and future prospects in relation to 

regular stock investors (Porter, 1995). 

The MOY effect describes a month's persistence as being 

consistently greater when compared to other months within the 

calendar year. First published in the United States, this report 

confirmed the existence of the January anomaly in the American 

economy (Keim, 1982: Roll, 1983, Lokonishok and smidt, 1984: 

Chen and Daves, 2018). Subsequently, research was conducted 

nonstop all over the world (Wong et al., 1990; Kryzanowski and 

Zhang, 1992; Elango and Pandey, 2009). Furthermore, the 

investigations supported and refuted the existence of the MOY 

effect. There has been evidence presented by certain writers 

refuting the existence of monthly seasonality.  

 The DOW effect states that a given day's returns are consistently 

higher than those of the other days of the week. When weekday 

deviation was initially examined, a significant weekend effect was 

seen in the USA (Osborne, 1962).Descriptive statistics and the t-

test are used to confirm the Friday and Monday influence in the 

Toronto stock market. In addition to the effects on Monday and 

Friday, Tuesday's returns were also determined to be passive and 

unfavorable. Information flow is determined to be the cause of 

these anomalies (Athanassakos & Robinson, 1994). The study 

examined interaction between the Friday impact and monthly 

anomaly for the US equities market utilizing data from 1963 to 

1992. To find the returns from the Friday effect they employed 

regression, and the returns were higher than returns on Monday in 

New York Stock Exchange. The weekend effect was also verified, 

although it was discovered that the weekend and monthly impacts 

were unrelated to one another. The first fifteen days and the 

remaining days of the month see an unwavering vigour of weekend 

returns (Ajagbe et al., 2023; Hao et al., 2023).The authors 

(Compton et al., 2013; Ozturk et al., 2018) who critique the DOW 

effect in several nations. Numerous statistical techniques, ranging 

from descriptive to sophisticate econometric modelling, have been 

employed in studies on day-of-week seasonality. It's possible that 

research is limited to the GARCH model and no other methods.  

Data from 2002 to 2011 were used in a study done on the Kuwaiti 

equity market. OLS regression using a dummy variable is utilized 

on Mondays to determine returns. On the penultimate day of 

trading for the week, they also disclosed some profitable returns. In 

addition, the returns on the second day are negative. They use the 

GARCH and ARCH methodologies to suggest more analysis 

(Gharaibeh & Azami, 2015). Using data from 1990 to 2010, 

Bampinas et al. (2016) investigated the DOW calendar anomaly for 

twelve different nations. GARCH modelling yielded positive 

findings on Friday and Monday. Since these impacts are no longer 

present, the DOW effect occurs in the count countries. Following 

As we delve deeper into the analysis of the literature, we find that 

while the majority of work in this field is done, most of it uses 

traditional techniques, or in some cases, only focuses on a specific 

industry or segment. As a result, the true scope of the project isn't 

always revealed (Rehman, Dhiman, Kumar, et al., 2023).  It is 

evident that anomalies are reported globally, and the earliest 

evidence of this was found in US markets. Some argue that these 

abnormalities are global in nature rather than unique to any one 

nation (Buczynski et al., 2022; Saleh & Chin, 2023). However, for 

the economy, stocks, and sectors, these calendar effects are 

unavoidable. Numerous global research report that calendar effects 

are significant across many different asset classes and across 

international markets. A range of approaches were used, including 

sophisticated econometric tools and descriptive statistics (Ajagbe 

et al., 2023).Most of the researchers have focused on the trend 

analysis of small and medium Corporate. As we know that we are 

living in a digital world where stock markets are considered as the 

economic parameters of growth and advancement(Bhat Ali Basit, 

Gupta Nitin Dr, 2022; Xia & Zhou, 2022). There is a need for 

understanding the future patter of the shares that will benefit both 

the Government and the stakeholders of the market. In this project 

an effort has been made to understand the price patter of the stock 

through deep root analysis by using modern available scientific and 

technological tools and techniques(S. Liu et al., 2021; Sindermann 
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et al., 2021) It gives us more accurate and trusted information that 

has reliability and credibility. It is important to note that the space 

that was found in the previous researches and Effort has been made 

to fill that gap with more accurate and trusted information(Ammer 

et al., 2023; Chache et al., 2022) 

3. RESEARCH METHODOLOGY 
The methods utilized to achieve the study's results will be covered 

in this chapter. This chapter includes a number of components, 

including the sample size, research strategy, population under 

study, and sampling methodologies. The data's source and 

visualization are also explained in this chapter. The areas covered 

by the methodology used in the above paper. 

3.1 RESEARCH DESIGN  

As stated by Clifford Woody, "research entails problem definition 

and redefining, hypothesis formulation or proposed solutions, data 

collection, organization, and evaluation, deductions and conclusion 

making, and finally, meticulous testing of the conclusions to see if 

they align with the hypothesis formulation." Since our research is 

descriptive in character and the data was historical in nature, it is 

divided into several chapters. 

3.2 POPULATION OF THE STUDY: The population for this 

study consists of 24 stock exchanges in the Indian economy; some 

of them are regional while at the same time two are national stock 

exchanges I.e. BSE India and NSE India. The time period 

considered for this thesis is from 2005 – 2022. 

3.3 SAMPLE SIZE AND SAMPLING TECHNIQUE: As the 

data for this study have been collected from the BSE India on daily 

basis for a period of 15 years I.e. 2005 - 2022. So we have a 

sample of around 180 months that is quite sufficient enough to 

predict the trend in the market. The nature of the research is mostly 

based on the secondary data that have been taken from authentic 

sources. 

3.4 SOURCE AND METHOD OF DATA COLLECTION: We 

are aware that the only thing that can support our theory is the 

evidence. Primary and secondary data are the two categories. The 

original data are those that are gathered newly and for the first 

time, making them unique in nature. Conversely, the secondary 

data are those that have previously been gathered and subjected to 

the statistical procedure by another party. The majority of the 

research's foundation is secondary data gathered from reliable 

sources. Every day, the BSE India provided the data needed for 

this study. 

3.5 VARIABLES OF THE STUDY: There are both variables 

involved in this thesis dependent and independent variable. 

However the quantum of variables cannot be defined through a 

structure. 

DEPENDENT VARIABLES: The dependent variables involved 

in the share issued by various companies from time to time. 

INDEPENDENT VARIABLES: The independent variables that 

are price, news, financial statement and other factors.  

RESULTS AND ANALYSIS 

LSTM NETWORK PRECISION VALUES 

Companies Predicted Value Precision Recall  Actual Values 

TCS -1 0.22 0.76 365 

TCS 0 0.19 0.34 432 

TCS 1 0.12 0.65 323 

INFOSYS -1 0.92 0.34 654 

INFOSYS 0 0.22 0.29 653 

INFOSYS 1 0.15 0.34 278 

HCL -1 0.23 0.18 665 

HCL 0 0.86 0.67 325 

HCL 1 0.67 0.54 343 

WIPRO -1 0.34 0.33 543 

WIPRO 0 0.44 0.67 445 

WIPRO 1 0.78 0.68 234 

RIL -1 0.12 0.28 654 

RIL 0 0.45 0.54 435 

RIL 1 0.23 0.39 233 

Table 4.1 

The above table shows that the precision and recall values, it is actually a way of understanding the network performance of various financial 

securities. It is quite clear that in most of the values in the said table are valued with 0 shows that the reliability of the data and shows the 

predicted values are somehow close to the executed values. Over the years, those organizations pivoted to extra extensive regions of their 

respective markets inflicting extra elements to have an effect on their inventory value, some of which might not had been picked up with the aid 

of using the education network. It simple terms that is shows how expected values are close to the actual values. The shares that are completely 
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stable and it looks that it will have comparatively lot more 0's that can be expected and expressed .It seems prominent with the details of RIL and 

Infosys. 

TCS : TATA CONSULTANCY SERVIES 

 

Figure 4.1 

RMSE VALUES FOR TCS ON TEST DATASET 

Dataset             RMSE Testing RMSE Baseline 

LSTM Network Results and Correlated Stocks 0.0145 0.0123 

Correlated Stocks 0.0164 0.0144 

LSTM Network Results 0.0172 0.0167 

Neither LSTM Network Results or Correlated Stocks 0.0120 0.0133 

Table 4.2 

The figures and the table shows it clearly that the expected value and the actual value are very much close and the figures are collectively in a 

close node. it is important to note here that  in this case predictability becomes fruitful to all the stakeholders and the investment can be done in 

advance so to earn a huge amount of profit. So in can be concluded in case of TCS that investors can earn easily if they will use right direction 

and decision. The correlated figures are varied and mismatched so that means there is no relation between the TCS and the related shares. 

 

Figure 4.3 
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Dataset             RMSE Testing RMSE Baseline 

LSTM Network Results and Correlated Stocks 0.0123 0.0112 

Correlated Stocks 0.0143 0.0123 

LSTM Network Results 0.0120 0.0117 

Neither LSTM Network Results or Correlated Stocks 0.0134 0.0145 

Table 4.3 

Dataset             RMSE Testing RMSE Baseline 

LSTM Network Results and Correlated Stocks 0.0145 0.0123 

Correlated Stocks 0.0164 0.0144 

LSTM Network Results 0.0172 0.0167 

Neither LSTM Network Results or Correlated Stocks 0.0120 0.0133 

Table 4.4 

 

Figure 4.6 

The easy tune out to find the findings are to look at the figures after developing constructive. The figures and the table shows it clearly that the 

expected value and the actual value are very much close and the figures are collectively in a close node. it is important to note here that  in this 

case predictability becomes fruitful to all the stakeholders and the investment can be done in advance so to earn a huge amount of profit. So in 

can be concluded in case of Infosys that investors can earn easily if they will use right direction and decision.  

HCL   Table 4.5 

Dataset             RMSE Testing RMSE Baseline 

LSTM Network Results and Correlated Stocks 0.0134 0.0134 

Correlated Stocks 0.0132 0.0176 

LSTM Network Results 0.0163 0.0123 

Neither LSTM Network Results or Correlated Stocks 0.0154 0.0154 

WIPRO 

Dataset             RMSE Testing RMSE Baseline 

LSTM Network Results and Correlated Stocks 0.0143 0.0144 

Correlated Stocks 0.0163 0.0154 

LSTM Network Results 0.0143 0.0165 

Neither LSTM Network Results or Correlated Stocks 0.0132 0.0134 

Table 4.6 
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The figures and the table shows it clearly that the expected value and the actual value are very much close and the figures are collectively in a 

close node. it is important to note here that  in this case predictability becomes fruitful to all the stakeholders and the investment can be done in 

advance so to earn a huge amount of profit. So in can be concluded in case of WIPRO that investors can earn easily if they will use right 

direction and decision. 

Figure 4.9 

 

Figure 4.10 

RIL 

Dataset             RMSE Testing RMSE Baseline 

LSTM Network Results and Correlated Stocks 0.0122 0.0145 

Correlated Stocks 0.0134 0.0187 

LSTM Network Results 0.0112 0.0134 

Neither LSTM Network Results or Correlated Stocks 0.0167 0.0156 

Table 4.7 

 

The graph and the figures show clearly that expected and actual 

values have shown a large variation that simply shows that the 

predictability in this case is almost difficult as it works against the 

stated figures. We will draw a conclusion that in case of RIL 

Company there is high fluctuation in both the cases so trading must 

be done on daily bases to capitalize a profit on that particular day 

than predicting the price in advance however there is high 

correlativity within the shares of the selected group. 

4. Discussion and Conclusion 
Stock market Predictability has become a skill after so many 

innovations and inventions. Many researchers and scholars have 

tried in different ways and models to get closer to the quantum of 

accuracy in the prediction of the stock prices. As the market is 

affected by various global and local factors, it has been usually 

observed that in most of the researches focus has been on many 

factors than a particular section of field. The most common tool 

used for predicting the future price of various Financial 

Instruments is trend approach that is based on calculating the future 

of an event from it historical database. In some of the cases 

observing a trend is not that though, but in some of the cases it 

proves worthless. This thesis is based on more scientific and 

logical approach that could have truly solved most of the problems 

of the stock market. There are so many Positives but at the same 

time a lot of data is needed to make it more sensitive and sound in 

terms of quality. This is a general assumption in the market that if 

we use time based data than a sentimental based data may provide 

a better direction and the result. But is important to note that the set 

assumption is applied only in some of the cases. The work Believes 

that any factor that has power to influence the company's share 

value in the market that is made public as a part of news even on 

some of the financial Portals, on the other hand there are others 

factors that reach in the public domain vary late due to various 

issues. Some of the articles are not instantly published or even if 

Published butt may take some time to reach in the public domain. 

It is important to note that in the first case the prediction about the 

stock was not accurately connected or predicted but in the second 

case when a long term data is available in the market it makes a 

sense that predict seems to be easier. It is important to note here 

that for a scientific reasoning the data needed to understand the 

behavior of a stock perfectly is about at least five years. in this 

thesis the data that was used for LSTM is of a huge amount as the 

data of the fifteen years have been collected. All the shares seem to 

perform better in different circumstances and conditions, and the 

magnitude of the difference is not that high. It is to be concluded at 

the end of the thesis that it was observed that It was observed that 
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after the collection of the data based on Certain perfect parameters 

and after evaluation of the data it was found that. It is possible to 

find the prediction of a stock but we must take a look of the fact 

not in case of all the shares we need to go for a deep analysis and 

select each and every share and should not assume that every share 

will follow the same trend. It was also observed that share that 

shows future trend may or may not be Correlated, in simple terms 

it can be concluded that it is not necessary to shares need to have 

correlation then they will show a trend but it found that shares who 

are not correlated have shown a trend and future prediction. In 

answering the third question it is not possible to get the exact and 

real future pricing predictions but yes to get somehow close to the 

real, it is definitely possible and feasible.This is an open field and 

needs a lot of work to be done in the upcoming future. It should be 

evaluated by other Research Scholars in the upcoming future that 

will make it more accurate and trusted. 

5. Future Scope and Limitations  
The future scope of employing Big Data analytics and machine 

learning in Indian stock market analysis is promising and 

transformative. As technology continues to advance, these tools 

offer the potential to enhance market intelligence, providing 

investors with deeper insights, accurate predictions, and improved 

decision-making capabilities. With the ever-increasing volume and 

variety of financial data generated, the application of advanced 

analytics holds the key to uncovering hidden patterns and trends 

that can significantly impact investment strategies. The integration 

of artificial intelligence algorithms can lead to more precise market 

predictions, risk assessments, and anomaly detection. Moreover, 

the adaptation of these technologies has the potential to streamline 

regulatory compliance and monitoring processes. However, it is 

crucial to acknowledge certain limitations, such as data privacy 

concerns, potential biases in machine learning models, and the 

dynamic nature of financial markets. Additionally, the reliance on 

historical data for predictions may pose challenges in highly 

volatile market conditions. Striking a balance between embracing 

technological advancements and addressing these limitations will 

be imperative for harnessing the full potential of Big Data analytics 

and machine learning in reshaping the landscape of Indian stock 

market analysis. 

References 
1. Ajagbe, S. A., Adegun, A. A., Olanrewaju, A. B., Oladosu, J. 

B., & Adigun, M. O. (2023). Performance investigation of 

two-stage detection techniques using traffic light detection 

dataset. IAES International Journal of Artificial Intelligence, 

12(4), 1909–1919. 

https://doi.org/10.11591/ijai.v12.i4.pp1909-1919 

2. Ammer, M. A., Ahmed, Z. A. T., Alsubari, S. N., Aldhyani, 

T. H. H., & Almaaytah, S. A. (2023). Application of Artificial 

Intelligence for Better Investment in Human Capital. 

Mathematics, 11(3), 1–17. 

https://doi.org/10.3390/math11030612 

3. Bauer, I. L. (2023). Robots in travel clinics: building on 

tourism’s use of technology and robots for infection control 

during a pandemic. Tropical Diseases, Travel Medicine and 

Vaccines, 9(1), 1–9. https://doi.org/10.1186/s40794-023-

00197-7 

4. Bhat Ali Basit, Gupta Nitin Dr, R. M. (2022). To Study the 

Effect of Corporate Governance on the Performance of Indian 

Listed Firms : A Comparative Panel Data Analysis. 

20(August), 9268–9282. 

https://doi.org/10.14704/nq.2022.20.10.NQ55908 

5. Blohm, I., Antretter, T., Sirén, C., Grichnik, D., & Wincent, J. 

(2022). It’s a Peoples Game, Isn’t It?! A Comparison Between 

the Investment Returns of Business Angels and Machine 

Learning Algorithms. Entrepreneurship: Theory and Practice, 

46(4), 1054–1091. 

https://doi.org/10.1177/1042258720945206 

6. Buczynski, W., Steffek, F., Cuzzolin, F., Jamnik, M., & 

Sahakian, B. (2022). Hard Law and Soft Law Regulations of 

Artificial Intelligence in Investment Management. Cambridge 

Yearbook of European Legal Studies, 24(2022), 262–293. 

https://doi.org/10.1017/cel.2022.10 

7. Chache, E. G., Dremlyuga, R. I., Tret’yakova, N. A., & 

Neznamov, A. V. (2022). System Approach to the Study of 

State Policies and Formation of Ethics of Application of 

Artificial Intelligence Technologies: Global Atlas of 

Regulation. Doklady Mathematics, 106, S65–S69. 

https://doi.org/10.1134/S1064562422060059 

8. Hao, J., He, F., Ma, F., Zhang, S., & Zhang, X. (2023). 

Machine learning vs deep learning in stock market 

investment: an international evidence. Annals of Operations 

Research. https://doi.org/10.1007/s10479-023-05286-6 

9. Li, J., & Yao, M. (2021). New Framework of Digital 

Entrepreneurship Model Based on Artificial Intelligence and 

Cloud Computing. Mobile Information Systems, 2021. 

https://doi.org/10.1155/2021/3080160 

10. Liu, C. (2022). Artificial Intelligence Interactive Design 

System Based on Digital Multimedia Technology. Advances 

in Multimedia, 2022. https://doi.org/10.1155/2022/4679066 

11. Liu, S., Wu, S., Xie, F., & Yuan, G. (2021). Computer 

simulation of investment efficiency function model based on 

GMM method and artificial intelligence. Journal of Ambient 

Intelligence and Humanized Computing, 0123456789. 

https://doi.org/10.1007/s12652-021-03112-0 

12. Muzzamil, R. (2021). Impact of Corporatr Governance on the 

Financial Reporting Quality in the Nigerian Banking Industry. 

Johuns.Net, 48(5). 

https://johuns.net/index.php/publishing/22.pdf 

13. Rehman, M., Dhiman, B., Cheema, G. S., Peer, U. A., & 

Khalid, S. M. (2023). A Systematic and Bibliometric Analysis 



Muzzamil Rehman; ISAR J Econ Bus Manag; Vol-2, Iss-1 (Jan- 2024): 22-29 

 

29 
 

of Risk and Return Management in Cryptocurrency Portfolio. 

22(1). 

14. Rehman, M., Dhiman, B., Kumar, R., & Cheema, G. S. 

(2023). Exploring the Impact of Personality Traits on 

Investment Decisions of Immigrated Global Investors with 

Focus on Moderating Risk Appetite : A SEM Approach. 

8984(August), 95–110. 

15. Rehman, M., & Dhiman, D. B. (2022). To Study the Impact 

on the Perception of Banking Customers toward E-Banking 

(A Case Study of Jk Bank Customers). Journal of Corporate 

Finance Management and Banking System, 26, 10–20. 

https://doi.org/10.55529/jcfmbs.26.10.20 

16. Saleh, A. Y., & Chin, C. K. (2023). Development of hybrid 

convolutional neural network and autoregressive integrated 

moving average on computed tomography image 

classification. IAES International Journal of Artificial 

Intelligence, 12(4), 1864–1872. 

https://doi.org/10.11591/ijai.v12.i4.pp1864-1872 

17. Sindermann, C., Sha, P., Zhou, M., Wernicke, J., Schmitt, H. 

S., Li, M., Sariyska, R., Stavrou, M., Becker, B., & Montag, 

C. (2021). Assessing the Attitude Towards Artificial 

Intelligence: Introduction of a Short Measure in German, 

Chinese, and English Language. KI - Kunstliche Intelligenz, 

35(1), 109–118. https://doi.org/10.1007/s13218-020-00689-0 

18. Singh, D., & Turała, M. (2022). Machine Learning and 

Regularization Technique to Determine Foreign Direct 

Investment in Hungarian Counties. Danube, 13(4), 269–291. 

https://doi.org/10.2478/danb-2022-0017 

19. Straub, J., & Huber, J. (2013). A characterization of the utility 

of using artificial intelligence to test two artificial intelligence 

systems. Computers, 2(2), 67–87. 

https://doi.org/10.3390/computers2020067 

20. Xia, M., & Zhou, Y. (2022). Research on UI Design and 

Optimization of Digital Media Based on Artificial 

Intelligence. Journal of Sensors, 2022. 

https://doi.org/10.1155/2022/7014070. 

 


